
Samson et al. BMC Psychiatry          (2022) 22:560  
https://doi.org/10.1186/s12888-022-04203-8

RESEARCH

Further validation of the Cognitive Biases 
Questionnaire for psychosis
Crystal Samson1,2, Amélie M. Achim3,4,5, Veronik Sicard6, Andy Gilker7, Audrey Francoeur1,2, Nicolas Franck8,9,10, 
Briana Cloutier1,2, Charles‑Edouard Giguère2, Francelyne Jean‑Baptiste2 and Tania Lecomte1,2* 

Abstract 

Background: Cognitive biases are recognized as important treatment targets for reducing symptoms associated 
with severe mental disorders. Although cognitive biases have been linked to symptoms in most studies, few studies 
have looked at such biases transdiagnostically. The Cognitive Bias Questionnaire for psychosis (CBQp) is a self‑reported 
questionnaire that assesses cognitive biases amongst individuals with a psychotic disorder, as well as individuals with 
other severe mental disorders. The current study aims to validate a French version of the CBQp and to explore transdi‑
agnostic cognitive biases in individuals with psychotic disorders, individuals with depression, and in healthy controls.

Methods: The CBQp was translated into French following a protocol based on international standards. Discriminant 
validity and internal consistency were determined for total score and each subscale score. Confirmatory factor analy‑
ses were performed to test construct validity. Finally, cluster analyses were conducted to investigate cognitive biases 
across diagnostic groups.

Results: Our results were similar to those of the original authors, with the one‑factor solution (assessment of a 
general thinking bias) being the strongest, but the two‑factor solution (assessing biases within two themes relating to 
psychosis) and the five‑factor solution (assessment of multiple distinct biases) being clinically more interesting. A six‑
cluster solution emerged, suggesting that individuals with similar diagnoses score differently on all cognitive biases, 
and that individuals with different diagnoses might have similar cognitive biases.

Conclusions: The current findings support the validity of the French translation of the CBQp. Our cluster analyses 
overall support the transdiagnostic presence of cognitive biases.
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Background
A transdiagnostic approach to mental health research 
has been recommended by The National Institute of 
Mental Health (NIMH) [1] and is becoming increasingly 
popular amongst researchers. The current categorical 
diagnostic system is designed to facilitate the commu-
nication of information regarding epidemiology, clinical 

descriptions, pathogenesis, treatment options, and prog-
nosis and outcome among treatment providers, patients, 
families, and the public [2]. Regarding schizophrenia 
and depression, Mellsop & al [2]. consider that the cur-
rent classification fails to meet its objectives. Categorical 
approaches are widely criticized by both researchers and 
health professionals [2–4] for a plethora of reasons.

First, diagnostic criteria currently used to differentiate 
psychiatric disorders are solely based on symptomatol-
ogy; however, identical symptoms are included as core 
criteria for different psychiatric disorders diagnoses. 
Indeed, one can observe a depressed mood in individuals 
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with major depressive disorder, but also in those diag-
nosed with psychotic depression, bipolar disorder, schiz-
oaffective disorder, or schizophrenia. Importantly, many 
of the negative symptoms of schizophrenia (e.g., social 
withdrawal, anhedonia) are considered symptoms of 
depression in mood disorders. Second, some diagnoses 
seem to fit even less in a single category. For instance, 
criteria for schizoaffective disorder diagnosis are among 
the most criticized criteria as they encompass the same 
symptoms as bipolar disorder, and only differ in the 
duration of psychotic symptoms in relation to the mood 
symptoms. Third, given the plurality of possible symptom 
profiles for a given diagnosis, it is possible for two indi-
viduals to share a diagnosis, yet exhibit highly different 
symptoms [5, 6]. Fourth, severe psychiatric disorders do 
not have a single etiology. For example, a recent genome-
wide association study revealed more than 200 common 
risk variants for schizophrenia [7]. Moreover, studies sug-
gest that severe psychiatric disorders may be genetically 
linked [8] and that many genes linked to risk for psychi-
atric disorders may not be diagnostically specific in their 
effect. Indeed, meta-analyses showed that variants on a 
single gene (the 5-HT2A receptor) are linked to three dif-
ferent disorders (schizophrenia, bulimia, and anorexia 
nervosa). For instance, overlapping genes on chromo-
some 13q (termed G30 and G72) may be associated with 
both schizophrenia and bipolar disorder [9], and several 
popular candidate genes (e.g., serotonin transporter, 
dopamine transporter, dopamine 2 receptor) are signifi-
cantly associated with a wide variety of psychiatric disor-
ders or psychiatrically relevant traits [10, 11]. Studies also 
suggest that different psychiatric disorders may be pre-
cipitated by similar environmental factors [12, 13]. Expo-
sure to childhood adversity is a good example, as it is 
linked to higher rates of multiple observed disorders [14]. 
Risks factors for severe psychiatric disorders are thus not 
related to the manifestation of a particular disorder, but 
rather to the likelihood of developing a severe mental 
disorder in general. Moreover, traditional classification 
systems that frame mental disorder diagnoses as inde-
pendent entities fail to consider high rates of observed 
comorbidity [15] like depression and anxiety [16], or 
schizophrenia and social anxiety [17]. Finally, responses 
to various treatments appear to be specific to the symp-
toms that are targeted and not to the diagnosis itself, with 
symptoms intensity being a better predictor of treatment 
needs than the given diagnosis [18]. Empirically-based 
psychotherapeutic interventions aim to alter the dysfunc-
tional thought patterns and cognitive biases underlying 
specific symptoms and are not diagnosis-specific [13].

Mathews and MacLeod [19] defined cognitive biases 
as the tendency to process information in ways that favor 
certain types of emotional meaning or valence. We can 

distinguish three categories of cognitive biases: atten-
tional biases, interpretation biases, and memory biases 
[19, 20]. Interpretation biases are the tendencies to inter-
pret or infer ambiguous information according to a cer-
tain emotional meaning or valence [19].

Cognitive biases, especially interpretation biases, are 
recognized as important treatment targets for reducing 
symptoms associated with severe mental disorders and 
Cognitive-oriented psychotherapies are largely based on 
the assumption that cognitive biases are causally related 
to symptoms [19]. Indeed, studies show that it is possible 
to reduce symptoms, including depressive and psychotic 
ones, as well as prevent relapses by targeting cognitive 
biases [19].

Cognitive behavioral therapy (CBT) is an evidence-
based therapy [21, 22] that focuses on the relationship 
between cognitions, emotions, and behavior. A recent 
metaanalysis of CBT randomized controlled trials (RCT) 
showed that heterogeneity between RCT was low and 
that CBT remained effective across different conditions 
[23].

CBT for psychosis (CBTp) is also effective [24–29]) in 
reducing psychotic symptoms relapse at 12 months and 
improving functioning. CBTp is recommended by sev-
eral clinical guidelines [30, 31] for severe mental illness 
to diminish distress or symptoms linked to psychotic dis-
orders.CBTp and aims to modify, amongst other things, 
beliefs underlying an individual’s hallucinations and delu-
sions by targeting the cognitive biases at play. Metacogni-
tive training (MCT) [32] also is another evidence-based 
therapy that targets cognitive biases. Participants learn to 
modify biases that are linked to psychotic symptoms via 
trainings following specific modules [33]. Meta-analyses 
on MCT interventions have demonstrated small-to-mod-
erate effects on positive symptoms [34, 35]. Cognitive 
bias modification training (CBMT) [36] also aims at 
modifying cognitive biases, although mostly attentional 
biases, specific to facial emotion recognition for instance. 
Other trainings exist, such as the Maudsley review train-
ing program (MRTP) [37], a computerized program that 
aims at decreasing Jumping to Conclusions via reason-
ing training (RT) [38], or Michael’s game, a card game 
designed to help people with psychotic disorders find 
alternative explanations for various situations that vary in 
paranoid intensity [39].

Interventions or trainings targeting cognitive biases 
may also exert positive effects on lack of clinical (una-
wareness of being ill) and cognitive (self-reflectiveness 
and self-certainty) insight [40, 41]. A recent meta-anal-
ysis also suggests that, overall, interventions targeting 
cognitive biases have a small, positive and statistically 
significant effect on the reduction of cognitive biases, a 
moderate significant positive effect on the improvement 
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of psychotic symptoms, and a moderate significant posi-
tive effect on the improvement of patients’ insight levels 
[33].

Although cognitive biases have been linked to symp-
toms in most studies, few studies have looked at such 
biases transdiagnostically. Cognitive biases can be 
assessed through a variety of experimental tasks or 
self-reported questionnaires. The Beads task [42], for 
instance, has been extensively used for the Jumping to 
Conclusions bias [43–45].

Several questionnaires have been developed to assess 
various biases, including the Attributional Style Ques-
tionnaire [46], the Internal, Personal, and Situational 
Attributions Questionnaire [47], and the Ambiguous 
Intentions Hostility Questionnaire [48]. Most have a nar-
row focus and only target one type of cognitive bias, and 
as such do not provide a comprehensive assessment of an 
individual’s cognitive biases.

As reported by Peters and colleagues [49], several ques-
tionnaires evaluating the “Beck biases” (i.e., arbitrary 
interference, selective abstraction, magnification, mini-
misation, overgeneralisation, and personalisation) [50] 
are available in the mood disorder literature [51–57]. 
Peters and colleagues [49] thought that many of these 
questionnaires were less appropriate for people with a 
severe mental disorder or with occupational and social 
dysfunction, because they refer to work or social circum-
stances that might be quite different from theirs (e.g., 
“You noticed recently that a lot of your friends are taking 
up golf and tennis” [49, 56]. As a result, they developed 
the Cognitive Bias Questionnaire for psychosis (CBQp), a 
self-reported questionnaire that assesses cognitive biases 
(interpretation biases) and involves a wide range of think-
ing styles commonly observed among individuals with 
a psychotic disorder, as well as in individuals with other 
severe mental disorders. The CBQp is easy to use and 
was designed to be useful in both clinical and research 
settings. This comprehensive self-reported questionnaire 
enables the assessment of multiple biases concurrently, 
including: Catastrophising (predicting negative events 
in the future), Dichotomous Thinking (all-or nothing 
thinking), Emotional Reasoning (the use of subjective 
emotions to form conclusions); Intentionalising (think-
ing negative scenarios were committed on purpose), and 
Jumping to Conclusions (taking hasty decisions without 
having a sufficient amount of evidence).

Peters and colleagues [49]) validated their question-
naire in three populations, that is individuals with psy-
chosis, with depression, and healthy controls. It has 
shown good internal consistency (α = 0.89) as a single 
factor and excellent test-retest reliability (α = 0.96). 
Scores on the CBQp questionnaire have been associ-
ated to those obtained on the Psychotic Symptoms 

Ratings Scales (PSYRATS) [58], the Beck Depression 
Inventory (BDI) [59], and the Beck Anxiety Inven-
tory [60], providing good rationale for its concurrent 
validity.

Construct validity was investigated by correlat-
ing CBQp total and theme scores with the CST [51], 
and each of the five cognitive biases measured with its 
equivalent task or questionnaire (scores on the self items 
themes of the CST for Emotional Reasoning, the Beads 
Task [60] for Jumping to Conclusion, the Catastrophis-
ing Interview [61] for Catastrophising, the number of 
extreme responses on the Dysfunctional attitudes scale 
(DAS) [62] for Dichotomous Thinking, and the Ambigu-
ous Intentions and Hostility Questionnaire (AIHQ) [48] 
for Intentionalising (accidental and ambiguous scenarios 
only). None of the CBQp individual bias scores were 
related to a task equivalent, apart from Emotional Rea-
soning and the CST self-based items. Moreover, the total 
CBQp score was correlated with the CST. The authors 
suggested that the demonstration of the construct valid-
ity of the individual CBQp biases was, to some degree, 
hampered by the lack of appropriate measures available 
in the literature [49].

Healthy controls scored significantly lower on the 
CBQp relative to the other group s[49].. Interestingly, 
CBQp total scores did not distinguish individuals with 
depressive and psychotic disorders, suggesting that these 
groups may present with similar cognitive biases. Based 
on their cluster factor analysis (CFA), the questionnaire 
seemed to assess a general thinking bias (1-factor), but 
the 2-factor model (assessing biases within two themes 
relating to psychosis; Anomalous Perception and Threat-
ening Events) was the best fit when the factors were 
assumed to be related, and the 5-factor model factor 
(assessment of multiple biases) also showed a reason-
able fit. The CBQp has been translated and validated in 
several languages, namely Flemish [63], Indonesian [64], 
Japanese [65], and Italian [66] (Pozza & Dettore, 2017). 
Thus far, the CBQp has yet to be validated in French.

Accordingly, the current study’s objective is to validate 
a French version of the CBQp and to replicate Peters 
and colleagues’ [42] findings by exploring transdiagnos-
tic cognitive biases in individuals with psychotic disor-
ders, individuals with mood disorder (depression), and 
in healthy controls. The study aims to: 1) translate the 
CBQp in French; 2) determine the validity and reliability 
of the French version; 3) verify its factorial structure; and 
4) explore cognitive biases across diagnostic groups. Akin 
to Peters and colleagues (2014), we expected the French 
CBQp to be valid and reliable. Further, we expected that 
a one-factor or two-factor structure would be the best 
fit. We also expected that both the psychosis and depres-
sion groups would score higher on the CBQp relative to 
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controls and that similar biases would be found across 
diagnostic groups.

Methods
The study was cross-sectional, with participants answer-
ing the questionnaire only once.

Participants
The Cognitive Bias Questionnaire for Psychosis (CBQp) 
[49] was administered to the control group (N  = 663) 
either in paper format to several undergraduate classes 
at the University of Montreal or online through a survey 
website that was shared across several social media net-
works. Data from 84 participants were excluded due to 
too many missing answers. Therefore, 579 control par-
ticipants were retained for statistical analysis. In addition 
to the controls, 62 participants with either a psychotic 
disorder (N = 30) or mood disorder (depression; N = 32) 
responded to the paper version. These participants were 
recruited through other ongoing studies in Quebec and 
France. Participants with a psychotic disorder were 
receiving services at a clinic for psychotic disorders and 
did not present with substance-induced psychosis. Par-
ticipants with a mood disorder had been diagnosed 
with major depressive disorder and were currently on 
sick leave from work. Participants with a comorbid sub-
stance abuse disorder were not excluded, but those with a 
documented intellectual disability were. All participants 
provided socio-demographic as well as diagnostic infor-
mation. The diagnoses were confirmed by a Structured 
Clinical Interview for DSM-5 (SCID) [67] or a psychiat-
ric evaluation (N = 14) by a psychiatrist specializing in 
severe mental disorders.

Measures
The CBQp is a 30-item questionnaire designed to assess 
cognitive biases. The questionnaire presents situations 
frequently encountered in everyday life, along with three 
response choices that reflect what an individual might 
think in these situations. Answers with an absence of 
bias merit one point, those with a presence of bias with 
some qualification receive two points, and those with a 
presence of bias are given a score of three points. The 
more biased the answers, the higher the score. The sub-
scales are meant to measure: Intentionalising, Catastro-
phising, Jumping to Conclusion, Dichotomous Thinking 
and Emotional Reasoning biases. In addition, the ques-
tions were inspired by two themes relating to psycho-
sis; Anomalous Perceptions (AP) and Threatening Event 
(TE).

The CBQp was translated into French from the original 
English version following a precise translation protocol 
based on international standards. Initially, we contacted 

the original authors of the CBQp and obtained their 
formal authorization to conduct the adaptation of the 
instrument into French. The CBQp was translated from 
English to French. The resulting French version was then 
translated back again to English by two experts. Those 
back-translations were compared to the original version 
by a third expert to identify and fix any discrepancies 
(reverse translation technique) [68]. The resulting French 
version was then checked by a translator to get the final 
version: “Le Questionnaire de Biais Cognitifs pour la psy-
chose”. This translation technique was selected because it 
reduces the researcher’s bias, a translation that draws on 
the researcher’s culture and understanding. Translators 
tried to preserve semantic and inferential equivalence as 
much as possible.

Statistics and procedures
Discriminant validity was determined via mean com-
parisons between groups for total scores and sub-
scales scores measured. To test construct validity of 
the French version of the CBQp, confirmatory factor 
analyses were performed with R [69], according to the 
methods of Corbière & Larivière [70], who propose a 
probit model on categorical variables with a diagonally 
weighted least squares (DWLS) method. We investi-
gated the one-, two-, and five-factor models to deter-
mine whether the model theorized by the original 
authors [49] would be preserved in our French version. 
A series of one-way ANOVAs were also conducted to 
compare the effect of diagnosis on the total score and 
each factorial solution of the CBQp. Since the assump-
tion of homogeneity of variance was not met, ANOVAs 
were conducted with a Welch test, as well as Games-
Howell post hoc procedure. Finally, cluster analyses 
were conducted to investigate cognitive biases across 
diagnostic groups (without the healthy controls). The 
variables used for the cluster analyses were the score 
for the five cognitive biases (Catastrophising, Dichoto-
mous Thinking, Emotional Reasoning, Intentionalising 
and Jumping to Conclusions). Scores were standardized 
prior to the cluster analysis. We conducted a Cluster-
ing ensemble to ensure a more rigorous approach to 
cluster analyses [71, 72], which includes three methods 
(Hclust: Hierarchical clustering in R, with Ward Link-
age [73]; the DB scan [74] and the K-means Clustering 
[75]). The data was then clustered using the number of 
times each pair of subjects had been classified together 
in the same group as a proximity value. The solution 
based on this last clustering was our final solution. We 
described each cluster profile and we compared them 
with chi-squared (for categorical variables) and ANO-
VAs (for continuous variables) based on diagnosis, age, 
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gender, total cognitive bias score, and each of the cog-
nitive bias scores. Post-hoc analyses with Bonferroni 
correction were conducted when a between-group dif-
ference was found.

Once the final cluster profile was selected, belonging 
to a particular cluster was used as the dependent vari-
able in a multinomial logistic regression to test if diag-
nosis and demographics (age and gender) predicted 
cognitive bias profiles. A multinomial logistic regres-
sion model is appropriate instead of running three 
separate regression models because separate logistic 
regression models for each indicator variable are esti-
mated simultaneously, allowing for mutually exclusive 
response categories to be analyzed without the need for 
overlapping reference categories [76, 77].

Results
The socio-demographic and diagnostic information 
for each group (healthy control, psychosis group, and 
depression group) are reported in Table 1.

Ability to discriminate between diagnostic group 
and healthy controls
Total scores and subscale scores on the CBQp are shown 
next to those from Peters and colleagues [49] in Table 2. 
For all the subscales, our healthy control group consist-
ently scored slightly higher (i.e., more biases) relative to 
that of Peters and colleagues [49], while our depression 
group consistently scored slightly lower. Our psychosis 
group showed comparable results to those in Peters and 
colleagues’ [49] study.

Table 1 Demographic and clinical information for the three groups

Characteristic Control Group
N = 576

Psychosis Group
N = 31

Depression Group
N = 31

Age, Mean (SD) 24.60 (7.0) 31.67 (6.3) 43.77 (10.6)

Gender, N (%)

 Women 215 (72.0%) 9 (29.0%) 27 (87.1%)

 Men 158 (27.4%) 21 (67.7%) 4 (12.9%)

 Other 2 (0.3%) 0 (0%) 0 (0%)

 ND 1 (0.2%) 1 (3.2%) 0 (0%)

Principal Diagnosis, N (%)

 Major Depressive Disorder – – 31 (100.0%)

 Bipolar Disorder – 1 (3.2%) –

 Schizophrenia – 25 (80.6%) –

 Schizoaffective Disorder – 1 (3.2%) –

Unspecified Psychotic Disorder – 4 (12.9%) –

Table 2 Comparison between the French validation and the original study

Comparison between the scores of the current study on the French validation of the Cognitive Bias Questionnaire for psychosis (CBQ(p)) and the scores of the original 
study (Peters et al., 2014) across the three groups. Data presented as mean (standard deviation)

Control Group
N = 576

Psychosis Group
N = 31

Depression Group
N = 31

Scale Current study Original study Current study Original study Current study Original study

Total score 40.9 (4.6) 36.5 (2.7) 47.3 (8.9) 47.3 (10.4) 41.3 (7.0) 45.5 (9.4)

Theme

 Threatening Events 21.1 (3.0) 19 (1.7) 25.1 (5.5) 24.6 (6.0) 21.0 (3.7) 24.7 (5.9)

 Anomalous Perceptions 19.8 (2.4) 17.5 (1.6) 22.2 (4.5) 22.7 (5.1) 20.4 (3.8) 20.8 (4.2)

Cognitive biase

 Intentionalising 7.7 (1.1) 7.3 (1.1) 8.7 (2.2) 8.8 (2.4) 7.5 (1.4) 7.7 (2.4)

 Catastrophising 8.5 (1.5) 7.1 (0.9) 9.9 (2.6) 9.5 (2.4) 8.2 (1.6) 9.1 (2.1)

 Dichotomous Thinking 7.8 (1.3) 6.5 (0.7) 9.0 (2.2) 8.8 (2.6) 7.9 (2.0) 9.5 (2.9)

 Jumping to conclusions 9.4 (1.6) 8.5 (1.3) 10.6 (1.8) 10.7 (2.5) 9.3 (1.8) 10.9 (1.9)

 Emotional Reasoning 7.6 (1.41) 7.2 (1.1) 9.1 (2.7) 9.4 (2.5) 8.4 (2.0) 8.3 (2.1)
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Overall, as can be observed in Table  3, the psycho-
sis group scored higher than one or both comparison 
groups for each subscale and total score. No significant 
differences were found between psychosis and depression 
groups for subscales Anomalous Perception, Dichoto-
mous Thinking and Emotional Reasoning, but the differ-
ences remained throughout between the psychosis and 
the control groups. No differences were noted between 
the depression and control groups.

Confirmatory factor analysis
Healthy control group
Confirmatory factor analysis revealed that the one-factor 
model explained 86.6% of the saturated model, with a 

Root Mean Square Error of Approximation (RMSEA) of 
.035, and a Percent Confidence Interval RMSE of (.030, 
.039). The two-factor model explained 88.2% of the sat-
urated model, with a CFI of .882, a RMSEA of .033 and 
a Percent Confidence Interval RMSE of (.028, .037). The 
five-factor model explained 89.5% of the saturated model, 
with a RMSEA of .031 and a Percent Confidence Interval 
RMSE of (.026, .036; see Table 4).

Clinical groups
Regarding the factorial validation with the clinical groups 
(pooled together), the one-factor model explained 92.0% 
of the saturated model, with a RMSEA of .081 and a 
Percent Confidence Interval RMSE of (.063, .098). The 

Table 3 Effect of diagnosis on total score and each subscore of the CBQ(p)

*p < .05

Scale Welch’ F dfm, dfr p Difference (95%CI)

Total Score 7.92 2, 41.49 .001

 Psychosis vs. Control 6.45599* (2.4841‑10.4279)

 Depression vs. Control .47045 (−2.6691‑3.6100)

 Psychosis vs. Depression 5.98554* (1.0780‑10.8931)

Anomalous Perceptions 4.82 2, 41.48 .013

 Psychosis vs. Control 2.47581* (.4580‑4.4936)

 Depression vs. Control .61636 (−1.0958‑2.3286)

 Psychosis vs. Depression 1.85945 (−.7036‑4.4225)

Threatening events 8.09 2, 42.01 .001

 Psychosis vs. Control 3.99886* (1.5646‑6.4332)

 Depression vs. Control −.14861 (−1.8277‑1.5304)

 Psychosis vs. Depression 4.14747* (1.2804‑7.0145)

Catastrophising 4.98 2, 42.57 .011

 Psychosis vs. Control 1.42727* (.2807‑2.5738)

 Depression vs. Control −.23079 (−.9737‑.5121)

 Psychosis vs. Depression 1.65806* (.3346‑2.9815)

Dichotomous Thinking 5.15 2, 41.80 .010

 Psychosis vs. Control 1.25274* (.2920‑2.2135)

 Depression vs. Control .16887 (−.7031‑1.0409)

 Psychosis vs. Depression 1.08387 (−.1700‑2.3378)

Emotional Reasoning 7.65 2, 41.70 .001

 Psychosis vs. Control 1.52907* (.3485‑2.7096)

 Depression vs. Control .85165 (−.0269‑1.7302)

 Psychosis vs. Depression 0.67742 (−.7491‑2.1039)

Intentionalising 3.66 2, 41.68 .034

 Psychosis vs. Control 1.04078* (.0587‑2.0228)

 Depression vs. Control −.19148 (−.8238‑0.4409)

 Psychosis vs. Depression 1.23226* (.965‑2.3681)

Jumping to Conclusions 6.90 2, 43.24 .003

 Psychosis vs. Control 1.19300* (.4020‑1.9840)

 Depression vs. Control −.13603 (−.9569‑0.6849)

 Psychosis vs. Depression 1.32903* (.2357‑2.4224)



Page 7 of 14Samson et al. BMC Psychiatry          (2022) 22:560  

Ta
bl

e 
4 

G
oo

dn
es

s 
of

 F
it 

fo
r t

he
 C

FA
, c

om
pa

ris
on

 b
et

w
ee

n 
th

e 
Fr

en
ch

 v
er

si
on

 a
nd

 th
e 

or
ig

in
al

 s
tu

dy

CF
A 

Co
nfi

rm
at

or
y 

fa
ct

or
ia

l a
na

ly
si

s 
(C

FA
), 

co
m

pa
ris

on
 b

et
w

ee
n 

th
e 

Fr
en

ch
 v

er
si

on
 a

nd
 th

e 
or

ig
in

al
 s

tu
dy

 (P
et

er
s 

et
 a

l.,
 2

01
4)

CF
I C

om
pa

ra
tiv

e 
Fi

t I
nd

ex

RM
SE

A
, R

oo
t M

ea
n 

Sq
ua

re
 E

rr
or

 o
f A

pp
ro

xi
m

at
io

n,
 IB

F 
In

te
rc

or
re

la
tio

ns
 B

et
w

ee
n 

Fa
ct

or
s

Cu
rr

en
t s

tu
dy

 (c
on

tr
ol

 g
ro

up
)

Cu
rr

en
t s

tu
dy

 (p
sy

ch
os

is
 a

nd
 d

ep
re

ss
io

n 
gr

ou
ps

)
O

ri
gi

na
l s

tu
dy

 (p
sy

ch
os

is
 g

ro
up

)

M
od

el
CF

I
RM

SE
A

χ2
p

IB
F

CF
I

RM
SE

A
χ2

p
IB

F
CF

I
RM

SE
A

χ2
p

IB
F

fiv
e‑

fa
ct

or
 m

od
el

; I
nd

ep
en

de
nt

 fa
ct

or
s

.1
79

.0
86

 (.
08

2‑
.0

82
)

21
26

.2
57

<
 .0

01
–

.2
07

.2
56

 (.
24

4‑
.2

68
)

18
08

.1
87

<
 .0

01
–

.4
64

.0
83

 (.
07

7‑
.0

88
)

11
33

.9
9

<
 .0

01
–

fiv
e‑

fa
ct

or
 m

od
el

; R
el

at
ed

 fa
ct

or
s

.8
95

.0
31

 (.
02

6‑
.0

36
)

61
5.

07
1

<
 .0

01
.6

56
‑1

.3
59

.9
22

.0
81

 (.
06

3‑
.0

98
)

53
3.

72
4

<
 .0

01
.7

09
‑1

.0
62

.9
33

.0
30

 (.
01

9‑
.0

38
)

48
5.

90
<

 .0
01

.8
9‑

.9
8

tw
o‑

fa
ct

or
 m

od
el

; I
nd

ep
en

de
nt

 fa
ct

or
s

.5
98

.0
60

 (.
05

6‑
.0

64
)

12
46

.7
04

<
 .0

01
–

.6
10

.1
79

 (.
16

7‑
.1

92
)

10
94

.8
94

<
 .0

01
–

.7
79

.0
61

 (.
05

4‑
.0

67
)

67
7.

21
<

 .0
01

–

tw
o‑

fa
ct

or
 m

od
el

; R
el

at
ed

 fa
ct

or
s

.8
82

.0
33

 (.
02

8‑
.0

37
)

65
0.

97
5

<
 .0

01
.7

45
.9

26
.0

78
 (.

05
9‑

.0
95

)
53

5.
01

0
<

 .0
01

.8
32

.9
69

.0
22

 (.
00

1‑
.0

24
)

92
.4

4
.2

01
.7

7

on
e‑

fa
ct

or
 m

od
el

.8
66

.0
35

 .0
30

‑.0
39

)
68

5.
46

4
<

 .0
01

–
.9

20
.0

81
 (.

06
3‑

.0
98

)
54

7.
31

5
<

 .0
01

–
.9

34
.0

29
 (.

01
9‑

.0
37

)
49

4.
09

.0
02

–



Page 8 of 14Samson et al. BMC Psychiatry          (2022) 22:560 

two-factor model explained 92.6% of the saturated model, 
with a RMSEA of .078 and a Percent Confidence Inter-
val RMSE of (.059, .095). The five-factor model explained 
92.2%of the saturated model, with a RMSEA of .081 and 
a Percent Confidence Interval RMSE of (.063, .098; See 
Table 4).

Cognitive biases profiles
The first cluster analysis, the Hierarchical clustering, sug-
gested a six- to seven-cluster solution (see Fig.  1a). The 
second cluster analysis, the DB-scan, favored a solution 
with only one group (see Fig. 1b), thus it was not useful 
for our objective. The third cluster analysis, the K-means 
clustering, suggested four to six profiles (see Fig. 1c.). The 
six-profile solution emerged from the final cluster analy-
sis, the Clustering ensemble (see Fig.  1d). For a visual 
presentation of the cognitive biases’ profiles, see Fig.  2. 
For descriptive information for each profile, see Table 5.
ANOVAs showed that the association between total score 
and profiles was significant, F(5,56) = 118.28, p < .001, as 
for the association between each cognitive biases scores 

and profiles (Intentionalising: F(5,56) = 23.83, p < .001; 
Catastrophising: F(5,56) = 36.13, p < .001); Dichotomous 
Thinking: F(5,56) = 17.63, p < .001); Emotional Reason-
ing: F(5,56) = 21.36, p < .001); Jumping to Conclusions: 
F(5,56) = 33.67, p < .001). See S.2 to S.8 in Supplemen-
tary Materials for the post hoc analysis of each ANOVA. 
Bonferroni correction was applied to post hoc analy-
ses (p < .003). Cognitive bias scores for each profile will 
be presented by profiles, with the profiles with highest 
total score presented first. Scores results are reported as 
(Mean ± SD).

Profile 6 had higher total score (61.38 ± 4.97) and indi-
vidual cognitive bias score than every other profile. Most 
differences were significant at p < .05 and survived the 
Bonferroni correction.

Profile  2 had a higher total score (54.88 ± 1.55) than 
Profiles  1, 3, 4, and 5 (ps < .003). Profile  2 had higher 
results for every cognitive biases, with Intentionalising 
being his lowest score (8.88 ± 0.64). Intentionalising was 
still significantly higher for Profile 2 than for Profiles 1, 3 
(ps < .05) and 4 (p < .003).

Fig. 1 Cluster analyses a. Hierarchical clustering in R, with Ward Linkage b. DB scan c. K‑means Clustering d. Clustering ensemble
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Profile 5 had a total score of 47.43 ± 1.22, significantly 
higher than Profiles 1 and 4, but significantly lower than 
Profiles  2 and 6 (ps < .003). The total score of Profile  5 

was not significantly different from that of Profile  3 
(p > .05). The highest score was for Emotional Reasoning 
(11.30 ± 0.89).

Fig. 2 Cognitive biases Profiles

Table 5 Demographics, diagnosis, and CBQ(p) scores for the six profiles

*p < .05

±one participant did not answer this question and was removed from the gender analysis

Variable Profile 1 Profile 2 Profile 3 Profile 4 Profile 5 Profile 6

Participants, N (% across profiles) 18 (29%) 8 (12.9%) 10 (16.1%) 15 (24.2%) 5 (8.1%) 6 (9.7%)

Age, Mean (SD) 45.61 (9.35) 30.57 (5.62) 34.80 (7.64) 38.40 (12.44) 33.00 (8.00) 30.50 (4.72)

Gender, N (% within‑group) ±
 Women 10 (55.6%) 5 (71.4%) 5 (50%) 12 (80%) 3 (60%) 1 (16.7%)

 Adjusted Residual −.4 .7 −.6 1.9 .0 −2.2

 Men 8 (44.4%) 2 (28.6%) 5 (50%) 3 (20%) 2 (40%) 5 (83.3%)

 Adjusted Residual .4 −.7 .6 −1.9 .0 2.2

Diagnosis category (% within group)

 Depression 13 (72.2%) 2 (25%) 3 (30%) 10 (66.7%) 2 (40%) 1 (16.7%)

 Adjusted Residual 2.2 −1.5 −1.4 1.5 −0.5 −1.7

 Psychosis 5 (27.8%) 8 (75%) 7 (70%) 5 (33.3%) 3 (60%) 5 (83.3%)

 Adjusted Residual −2.2* 1.5 1.4 −1.5 0.5 1.7

Cognitive Bias Score, Mean (SD)

 Total Score 38.33 (1.91) 54.88 (1.55) 44.63 (2.57) 37.75 (2.87) 47.43 (1.22) 61.68 (4.97)

 Intentionalising 7.89 (1.08) 8.88 (.64) 7.60 (1.07) 6.47 (.74) 8.00 (1.00) 12.70 (1.38)

 Catastrophising 6.83 (.71) 12.13 (.83) 9.20 (1.55) 8.40 (1.40) 10.08 (1.06) 12.17 (2.04)

 Dichotomous Thinking 7.39 (.98) 11.13 (1.13) 8.60 (1.51) 7.13 (.74) 8.28 (.83) 11.67 (3.14)

 Jumping to Conclusion 8.56 (.78) 11.75 (1.67) 11.30 (.95) 8.60 (.83) 9.40 (1.14) 13.03 (.64)

 Emotional Reasoning 7.67 (.84) 11.00 (2.33) 7.90 (1.29) 7.13 (1.25) 11.60 (.89) 12.17 (2.23)



Page 10 of 14Samson et al. BMC Psychiatry          (2022) 22:560 

Profile  3 had a total score of 44.63 ± 2.57, lower than 
Profiles  2 and 6 (p < .003), but higher than Profile  4 
(p < .003), and similar to Profile  5 (p > .05). The highest 
score for Profile 3 is Jumping to Conclusion.

Profile 1 had lower total score (38.33 ± 1.91) than every 
other profile (p < .003) except for Profile  4 (p > .05). The 
highest score of Profile 1 is Jumping to Conclusion, but 
visually looking at the data, it is still lower than for every 
other profile (significantly lower than Profiles 2, 3 and 6, 
ps < .003).

Profile  4 had a total score of 37.75 ± 2.87, similar to 
profile 1 (p > .05), and significantly lower than every other 
profile (p < .003). Visually, the highest scores seem to be 
for Catastrophizing and Jumping to Conclusion.

An ANOVA showed a significant association between 
age and profile, F(5.55) = 4.63, p = .001 (see Table  5). 
Post hoc analysis indicated a difference between Profile 1 
and every other profile. However, only the difference 
between Profile 1 and both the Profiles 2 and 6 survived 
the Bonferroni correction, with Profile  1 being older 
(45.61 ± 9.35 years old) relative to Profile 2 (30.57 ± 5.62; 
p = .009 years) and Profile  6 (30.50 ± 4.72; p = .016). No 
significant differences were observed between other pro-
files based on this variable, ps > .05 (see S.1 in Supple-
mentary Materials).

Chi-squared tests showed that the association between 
gender and profile was not significant,  X2 (61) = 8.05, 
p = .153. However, visually, we can observe a greater 
proportion of women in Profile 4 (80.0%, adjusted resid-
ual = 1.9) and a greater proportion of men in Profile  6 
(83.3%, adjusted residual = 2.2; See Table  5). However, 
the association between diagnosis and profiles was sig-
nificant, X2 (62) = 11.69, p = .039. Profile 1 had a signifi-
cantly greater proportion of individuals with depression 
than other profiles (72.2%, adjusted residuals = 2.2). Only 
the difference with Profile 2 survived to post hoc analy-
sis (p < .05), but did not survive the Bonferroni correction 
(see S.2 in Supplementary Material). Although not sig-
nificant, we can visually observe that Profile 4 also had a 
greater proportion of individuals with depression (66.7%, 
adjusted residuals = 1.5), and that Profiles  2, 3, and 6 
have a greater proportion of individuals with psychosis 
(respectively, 75%, adjusted residuals = 1.5; 70%, adjusted 
residual = 1.4; and 83.3%, adjusted residuals = 1.7). We 
can see that Profile 4 had a similar proportion of men and 
women (see Table 5).

Since the psychosis group and the depression group 
were not balanced in terms of age and gender, we per-
formed stratifications before running the multinomial 
regression. However, there were too few individuals in 
each cell for interpretation, and the results were not 
significant, p  > .05. Therefore, we ran the multinomial 
regression without stratifications. Among demographic 

variables (diagnosis, age, and gender), only age continued 
to be statistically different among the Profiles when vari-
ables are considered together, p < .01.

Discussion
The current study aimed at replicating Peters and col-
leagues’ [49] study with a French sample. Compared to 
Peters and colleagues’ results [49], our control group 
showed higher scores, our depression group showed 
lower scores, and our psychosis group showed similar 
scores. It is not surprising that our control group had 
higher scores since most participants in this group were 
recruited from university courses. That is, several studies 
indicate that university students have a higher prevalence 
of depressive symptoms than the general population. A 
survey conducted by the National College Health Assess-
ment with 43,780 students indicated that 44% of respond-
ents have experienced symptoms of depression in the last 
12 months [78]. According to a survey of 10,000 students 
from the student association Fédération des Associa-
tions Étudiantes du Campus de l’Université de Montréal 
(FAÉCUM), 22% reported moderate-to-severe depressive 
symptoms or severe depression, 5.8% reported symp-
toms of exhaustion, and 7.8% reported having seriously 
thought about killing themselves in the past 12 months 
[79]. Furthermore, our depression group had lower 
scores relative to those from Peters and colleagues’ [49] 
study. This may be explained by the fact that individuals 
in our depression group were recruited through another 
study where participants had been on sick leave due to 
depression and were now returning to work. Although 
some participants still presented with severe depressive 
symptoms, most had experienced a reduction in symp-
toms. Furthermore, our results reflect the transdiagnostic 
character of cognitive biases; an individual’s score does 
not only depend on their diagnosis, but also on their cur-
rent condition and level of distress. In their meta-analysis 
about attributional biases and the capacity to discrimi-
nate internal and external events, Brookwell, Bentall & 
Varese [80] suggest that the cognitive biases they stud-
ied were not diagnostic-specific, but could be accounted 
for by the presence of hallucinatory experiences. Future 
studies should study cognitive bias profiles in relation to 
specific symptoms, including symptom severity, rather 
than diagnoses.

Based on prior studies [49, 63, 65], we expected that the 
one-factor structure would prevail over the two- or five-
factor structure, for both the control and clinical groups. 
This hypothesis was confirmed for the control group, 
suggesting that biases tend to co-exist. For example, an 
individual with a strong Catastrophising bias is likely to 
also have a strong Intentionalising bias. This does not 
mean that the questionnaire measures a single concept, 
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but rather, that they are tightly connected. For the clini-
cal group, all three models were acceptable, although the 
small sample resulted in less-than-ideal RMSEA.

The three-step cluster analyses aimed to determine 
profiles of individuals based on their cognitive biases, 
assessed by the CBQp and to compare the resulting clus-
ters on sociodemographic (i.e., age, gender) and clini-
cal (i.e., diagnosis) characteristics. Consistent with our 
hypothesis, more than two clusters emerged, suggesting 
that individuals with similar diagnoses do not score the 
same on all cognitive biases, and that individuals with 
different diagnoses might have similar cognitive biases. 
The clusters indicated that although some people seem 
to score similarly across biases, suggesting a tendency to 
have many biases together (as the one-factor model sug-
gests), others have a strong tendency for presenting with 
some biases above all others.

All profiles were significantly different in terms of 
cognitive biases, yet not surprising since clustering was 
performed on those specific variables. It is interesting 
to notice that individuals with some of the highest bias 
scores are younger (Profiles 2 and 6), whereas those with 
some of the fewest biases (Profile 1) are older. It is pos-
sible that these biases tend to decrease as individuals 
age; however, it is also plausible that this finding could be 
better explained by the fact that Profile  1 had a greater 
percentage of individuals with depression, and that our 
depression group was older than our psychosis group. 
Because age was the only variable that still predicted pro-
files after the multinomial regression, a larger sample will 
be needed to truly determine whether diagnosis or gen-
der are significant predictors of clusters.

Our results suggest that, although some biases might 
be more present in individuals with specific symptoms 
(e.g., Jumping to Conclusions is more typical in profiles 
with more individuals with psychosis) or from a specific 
gender (e.g., Emotional Reasoning is more prevalent in 
profiles with more women), these are not specific to these 
individuals and can be found in other profiles as well.

Limitations
Several limitations of the present study must be acknowl-
edged. First, the healthy control group was homogeneous 
and included only university students – different results 
might be obtained with a different sample. Another lim-
itation is that some diagnoses were not confirmed by a 
structured clinical interview. For the validation of the fac-
torial structure of the questionnaire for the clinical group, 
a larger sample would be needed to confirm our results. 
Furthermore, for the cluster analysis, there were signifi-
cant demographic differences between groups, with indi-
viduals in the depression group being older than those of 
the psychosis group. Individuals in the depression group 

were mostly female whereas individuals in the psycho-
sis group were mostly males. Although this represents 
a clinical reality, it may have biased our results. Because 
our sample was too small to use stratifications, we can 
only conclude about the effect of age on the profiles.

Research and clinical implication
This study demonstrated the validity of the French ver-
sion of the CBQp, therefore allowing clinicians and 
researchers to easily assess cognitive biases in French-
speaking participants. It is a simple and efficient ques-
tionnaire that can be used evaluate whether participants 
receiving CBTp, for instance, have experienced changes 
in their cognitive biases following the therapy. Our find-
ings highlight the interdependence of different cognitive 
biases and could be indicative of a common cognitive 
process leading to the development of several biases. 
Moritz and al [81]. also suggest that cognitive mecha-
nisms for delusions only partially overlap and recom-
mend continuing studying and targeting specific biases 
via metacognitive training.

According to Garety and Freeman [82], cognitive biases 
contribute to maintaining psychotic symptoms such as 
delusions. For instance, a dichotomous style of thinking 
would seem to favor the maintenance of delusions, while 
Jumping to Conclusions would favor both the emergence 
and the maintenance of psychotic symptoms [83]. To 
date, most studies have focused on a specific cognitive 
bias, whereas our study suggests that studying or address-
ing multiple biases together might be useful. From our 
clinical experience, individuals in group CBT for psycho-
sis for instance, benefit from learning about and recog-
nizing their own cognitive biases, as this helps them take 
a step back from distressing thoughts and work on strate-
gies to verify and modify their current beliefs.

Conclusion
The current findings support the validity of the French 
translation of the CBQp. We obtained results similar to 
the original validation study of the questionnaire. The 
authors of the original CBQp have recommended using 
one-, two-, or five-factor structure. While the results of 
our study are similar, the 5-factor solution is clinically 
more interesting. Our cluster analyses overall support the 
transdiagnostic presence of cognitive biases.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12888‑ 022‑ 04203‑8.

Additional file 1. 

https://doi.org/10.1186/s12888-022-04203-8
https://doi.org/10.1186/s12888-022-04203-8


Page 12 of 14Samson et al. BMC Psychiatry          (2022) 22:560 

Acknowledgements
Not applicable.

Authors’ contributions
Crystal Samson and Tania Lecomte contributed to the design and imple‑
mentation of the research and to the analysis of the results. Crystal Samson, 
Tania Lecomte and Amélie M. Achim did the questionnaire translation. Crystal 
Samson, Audrey Francoeur and Nicolas Franck did the data collection. Crystal 
Samson, Tania Lecomte, Charles‑Edouard Giguère, Andy Gilker and France‑
lyne Jean‑Baptiste performed the analysis. Crystal Samson wrote the main 
manuscript text with input from all authors. Crystal Samson, Tania Lecomte 
and Veronik Sicard contributed to the writing of the manuscript. Crystal 
Samson designed the figures and the tables. Veronik Sicard and Tania Lecomte 
reviewed the figures and the tables. All authors reviewed the manuscript. 
Tania Lecomte supervised the project and Amélie M. Achim helped supervise 
the project.

Funding
This research received no specific grant from any funding agency in the pub‑
lic, commercial, or not‑for‑profit sectors.

Availability of data and materials
The authors do not have ethical approval to share the raw data that support 
the findings. However, the datasets used and/or analyzed during the current 
study available from the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
Approval was obtained from the research and ethics board of the University of 
Montreal. The procedures used in this study follow the Declaration of Helsinki. 
All participants gave informed consent.

Consent for publication
The authors affirm that participants provided informed consent for 
publication.

Competing interests
The authors certify that they have NO affiliations with or involvement in any 
organization or entity with any financial interest (such as honoraria; educa‑
tional grants; participation in speakers’ bureaus; membership, employment, 
consultancies, stock ownership, or other equity interest; and expert testimony 
or patent‑licensing arrangements), or non‑financial interest (such as personal 
or professional relationships, affiliations, knowledge or beliefs) in the subject 
matter or materials discussed in this manuscript.

Author details
1 Département de Psychologie, Laboratoire d’étude sur la schizophrénie 
et les psychoses orienté vers l’intervention et le rétablissement Pavillon 
Marie‑Victorin, Université de Montréal, 90 Vincent D’Indy Ave, Outremont, 
QC H2V 2S9, Canada. 2 Centre de recherche de l’Institut Universitaire en Santé 
Mentale de Montréal (CR‑IUSMM), Québec, Canada. 3 Université Laval, Québec, 
Canada. 4 Centre de recherche CERVO, Québec, Canada. 5 Centre de recherche 
en santé durable VITAM, Québec, Canada. 6 Children’s Hospital of Eastern 
Ontario Research Institute, Ottawa, Canada. 7 Département de Génie biotech‑
nologique, Université de Sherbrooke, Québec, Canada. 8 Faculté de Médecine 
Lyon‑Sud Charles Mérieux, Université Claude Bernard Lyon 1, Lyon, France. 
9 Pôle Centre rive gauche & Centre ressource de réhabilitation psychosociale, 
Centre hospitalier Le Vinatier, Lyon, France. 10 Centre National de la Recherche 
Scientifique (CNRS), Bron, France. 

Received: 5 September 2021   Accepted: 8 August 2022

References
 1. Cuthbert BN, Insel TR. Toward the future of psychiatric diagnosis: the 

seven pillars of RDoC. BMC Med. 2013;11(1):126. https:// doi. org/ 10. 
1186/ 1741‑ 7015‑ 11‑ 126.

 2. Mellsop GW, Menkes DB, El‑Badri SM. Classification in psychiatry: 
does it deliver in schizophrenia and depression? Int J Ment Heal Syst. 
2007;1(1):1–4.

 3. Cuthbert BN. The RDoC framework: facilitating transition from ICD/DSM 
to dimensional approaches that integrate neuroscience and psychopa‑
thology. World Psychiatry. 2014;13(1):28–35. https:// doi. org/ 10. 1002/ wps. 
20087.

 4. Khoury B, Langer EJ, Pagnini F. The DSM: mindful science or mindless 
power? 2014.

 5. Costello CG. Research on symptoms versus research on syndromes: 
arguments in favour of allocating more research time to the study of 
symptoms. Br J Psychiatry. 1992;160(3):304–8.

 6. Ripke S, Walters JT, O’Donovan MC. Schizophrenia Working Group of the 
Psychiatric Genomics Consortium. In:  Mapping genomic loci prioritises 
genes and implicates synaptic biology in schizophrenia; 2020. MedRxiv.

 7. Cross‑Disorder Group of the Psychiatric Genomics Consortium. Identifica‑
tion of risk loci with shared effects on five major psychiatric disorders: a 
genome‑wide analysis. Lancet. 2013;381(9875):1371–9. https:// doi. org/ 
10. 1016/ S0140‑ 6736(12) 62129‑1.

 8. Owen MJ, Williams NM, O’Donovan MC. The molecular genetics of 
schizophrenia: new findings promise new insights. Mol Psychiatry. 
2004;9(1):14–27.

 9. Ueno SI. Genetic polymorphisms of serotonin and dopamine transport‑
ers in mental disorders. J Med Investig. 2003;50(1/2):25–31.

 10. Noble EP. D2 dopamine receptor gene in psychiatric and neurologic 
disorders and its phenotypes. Am J Med Genet B Neuropsychiatr Genet. 
2003;116(1):103–25.

 11. Krueger RF, Eaton NR. Transdiagnostic factors of mental disorders. World 
Psychiatry. 2015;14(1):27.

 12. Bentall RP. Madness explained: psychosis and human nature: Penguin UK; 
2003.

 13. Eaton NR. Transdiagnostic psychopathology factors and sexual minority 
mental health: evidence of disparities and associations with minority 
stressors. Psychol Sex Orientat Gend Divers. 2014;1(3):244.

 14. Eaton NR, Rodriguez‑Seijas C, Carragher N, Krueger RF. Transdiagnostic 
factors of psychopathology and substance use disorders: a review. Soc 
Psychiatry Psychiatr Epidemiol. 2015;50(2):171–82.

 15. Kaufman J, Charney D. Comorbidity of mood and anxiety disorders. 
Depress Anxiety. 2000;12(S1):69–76.

 16. Michail M, Birchwood M. Social anxiety disorder in first‑episode psychosis: 
incidence, phenomenology and relationship with paranoia. Br J Psychia‑
try. 2009;195(3):234–41.

 17. McGorry PD, Hickie IB, Yung AR, Pantelis C, Jackson HJ. Clinical staging 
of psychiatric disorders: a heuristic framework for choosing earlier, 
safer and more effective interventions. Aust New Zealand J Psychiatry. 
2006;40(8):616–22.

 18. Mathews A, MacLeod C. Cognitive vulnerability to emotional disorders. 
Annu Rev Clin Psychol. 2005;1(1):167–95. https:// doi. org/ 10. 1146/ annur 
ev. clinp sy.1. 102803. 143916.

 19. Gotlib IH, Joormann J. Cognition and depression: current status and 
future directions. Annu Rev Clin Psychol. 2010;6:285–312.

 20. Hofmann SG, Asnaani A, Vonk IJ, Sawyer AT, Fang A. The efficacy of 
cognitive behavioral therapy: a review of meta‑analyses. Cogn Ther Res. 
2012;36(5):427–40.

 21. Beck AT, Epstein N, Brown G, Steer RA. An inventory for measuring clinical; 
1988.

 22. Fordham B, Sugavanam T, Edwards K, Stallard P, Howard R, das Nair, R., ... & 
Lamb, S. E. The evidence for cognitive behavioural therapy in any condi‑
tion, population or context: a meta‑review of systematic reviews and 
panoramic meta‑analysis. Psychol Med. 2021;51(1):21–9.

 23. Bighelli I, Rodolico A, García‑Mieres H, Pitschel‑Walz G, Hansen WP, 
Schneider‑Thoma J, et al. Psychosocial and psychological interventions 
for relapse prevention in schizophrenia: a systematic review and network 
meta‑analysis. Lancet Psychiatry. 2021;8(11):969–80.

 24. Turner DT, Burger S, Smit F, Valmaggia LR, van der Gaag M. What consti‑
tutes sufficient evidence for case formulation–driven CBT for psychosis? 
Cumulative meta‑analysis of the effect on hallucinations and delusions. 
Schizophr Bull. 2020;46(5):1072–85.

 25. Norman R, Lecomte T, Addington D, Anderson E. Canadian treatment 
guidelines; 2017.

https://doi.org/10.1186/1741-7015-11-126
https://doi.org/10.1186/1741-7015-11-126
https://doi.org/10.1002/wps.20087
https://doi.org/10.1002/wps.20087
https://doi.org/10.1016/S0140-6736(12)62129-1
https://doi.org/10.1016/S0140-6736(12)62129-1
https://doi.org/10.1146/annurev.clinpsy.1.102803.143916
https://doi.org/10.1146/annurev.clinpsy.1.102803.143916


Page 13 of 14Samson et al. BMC Psychiatry          (2022) 22:560  

 26. Burns AM, Erickson DH, Brenner CA. Cognitive‑behavioral therapy for 
medication‑resistant psychosis: a meta‑analytic review. Psychiatr Serv. 
2014;65(7):874–80.

 27. Hutton P, Taylor PJ. Cognitive behavioural therapy for psychosis 
prevention: a systematic review and meta‑analysis. Psychol Med. 
2014;44(3):449–68.

 28. Wykes T, Steel C, Everitt B, Tarrier N. Cognitive behavior therapy for schizo‑
phrenia: effect sizes, clinical models, and methodological rigor. Schizophr 
Bull. 2008;34(3):523–37. https:// doi. org/ 10. 1093/ schbul/ sbm114.

 29. National Institute for Health and Care Excellence. (2019). NICEimpact 
mental health https:// www. nice. org. uk/ media/ defau lt/ about/ what‑ we‑ 
do/ into‑ pract ice/ measu ring‑ uptake/ nicei mpact‑ mental‑ health. pdf

 30. National Institute for Health and Care Excellence. (2014). Psychosis and 
schizophrenia in adults: prevention and management https:// www. nice. 
org. uk/ guida nce/ cg178

 31. Moritz S, Woodward TS. Metacognitive training in schizophrenia: from 
basic research to knowledge translation and intervention. Curr Opinion 
Psychiat. 2007;20(6):619–25.

 32. Sauvé G, Lavigne KM, Pochiet G, Brodeur MB, Lepage M. Efficacy of 
psychological interventions targeting cognitive biases in schizophrenia: a 
systematic review and meta‑analysis. Clin Psychol Rev. 2020;78:101854.

 33. Eichner C, Berna F. Acceptance and efficacy of metacognitive training 
(MCT) on positive symptoms and delusions in patients with schizophre‑
nia: a meta‑analysis taking into account important moderators. Schizophr 
Bull. 2016;42(4):952–62.

 34. Philipp R, Kriston L, Lanio J, Kuehne F, Haerter M, Moritz S, et al. Effective‑
ness of metacognitive interventions for mental disorders in adults—a 
systematic review and meta‑analysis (METACOG). Clinical psychology & 
psychotherapy. 2019;26(2):227–40.

 35. Steel C, Wykes T, Ruddle A, Smith G, Shah DM, Holmes EA. Can we har‑
ness computerised cognitive bias modification to treat anxiety in schizo‑
phrenia? A first step highlighting the role of mental imagery. Psychiatry 
Res. 2010;178(3):451–5.

 36. Waller H, Freeman D, Jolley S, Dunn G, Garety P. Targeting reason‑
ing biases in delusions: a pilot study of the Maudsley review training 
Programme for individuals with persistent, high conviction delusions. J 
Behav Ther Exp Psychiatry. 2011;42(3):414–21.

 37. Ross K, Freeman D, Dunn G, Garety P. A randomized experimental inves‑
tigation of reasoning training for people with delusions. Schizophr Bull. 
2011;37(2):324–33.

 38. Khazaal Y, Favrod J, Azoulay S, Finot SC, Bernabotto M, Raffard S, et al. 
“Michael’s Game,” a card game for the treatment of psychotic symptoms. 
Patient Educ Couns. 2011;83(2):210–6.

 39. Andreou C, Wittekind CE, Fieker M, Heitz U, Veckenstedt R, Bohn F, et al. 
Individualized metacognitive therapy for delusions: a randomized con‑
trolled rater‑blind study. J Behav Ther Exp Psychiatry. 2017;56:144–51.

 40. Favrod J, Branac A, Nguyena A, Nicoliera A, Perreta M, Rexhaja S. Effects 
of metacognitive training on the awareness of delusions. J Ther Comport 
Cogn. 2015;25:117–24.

 41. Phillips LD, Edwards W. Conservatism in a simple probability inference 
task. J Exp Psychol. 1966;72(3):346–54. https:// doi. org/ 10. 1037/ h0023 653.

 42. McLean BF, Mattiske JK, Balzan RP. Association of the jumping to conclu‑
sions and evidence integration biases with delusions in psychosis: a 
detailed meta‑analytic approach. Schizophr Bull. 2017;43(344‑354):6.

 43. Dudley R, Taylor P, Wickham S, Hutton P. Psychosis, delusions and the 
“jumping to conclusions” reasoning Bias: a systematic review and Meta‑
analysis. Schizophr Bull. 2016;42:652–65.

 44. Ross RM, McKay R, Coltheart M, Langdon R. Jumping to conclusions 
about the beads task? Schizophrenia: A meta‑analysis of delusional idea‑
tion and data‑gathering; 2015.

 45. Peterson C, Semmel A, Von Baeyer C, Abramson LY, Metalsky GI. & Selig‑
man. M E.

 46. Kinderman P, Bentall RP. A new measure of causal locus: the internal, per‑
sonal and situational attributions questionnaire. Personal Individ Differ. 
1996;20(2):261–4. https:// doi. org/ 10. 1016/ 0191‑ 8869(95) 00186‑7.

 47. Combs DR, Penn DL, Wicher M, Waldheter E. The ambiguous inten‑
tions hostility questionnaire (AIHQ): a new measure for evaluating 
hostile social‑cognitive biases in paranoia. Cognitive Neuropsychiatry. 
2007;12(2):128–43. https:// doi. org/ 10. 1080/ 13546 80060 07878 54.

 48. Peters ER, Moritz S, Schwannauer M, Wiseman Z, Greenwood KE, Scott J. 
Beck. A. .

 49. Beck AT. Depression: clinical, experimental, and theoretical aspects: 
University of Pennsylvania Press; 1967.

 50. Blackburn IM, Jones S, Lewin RJP. Cognitive style in depression. Br J Clin 
Psychol. 1986;25(4):241–51. https:// doi. org/ 10. 1111/j. 2044‑ 8260. 1986. 
tb007 04.x.

 51. Krantz S, Hammen CL. Assessment of cognitive bias in depression. J 
Abnorm Psychol. 1979;88(6):611–9. https:// doi. org/ 10. 1037/ 0021‑ 843x. 
88.6. 611.

 52. Wilkinson IM, Blackburn IM. Cognitive style in depressed and recovered; 
1981.

 53. Fennell MJV, Campbell EA. The cognitions questionnaire: specific thinking 
errors in depression. Br J Clin Psychol. 1984;23(2):81–92. https:// doi. org/ 
10. 1111/j. 2044‑ 8260. 1984. tb006 31.x.

 54. Beck AT, Brown G, Steer RA, Eidelson JI, Riskind JH. Differentiating anxiety 
and depression: a test of the cognitive content‑specificity hypothesis. J 
Abnorm Psychol. 1987;96(3):179–83. https:// doi. org/ 10. 1037/ 0021‑ 843x. 
96.3. 179.

 55. Lefebvre MF. Cognitive distortion and cognitive errors in depressed 
psychiatric and low back pain patients. J Consult Clin Psychol. 
1981;49(4):517–25. https:// doi. org/ 10. 1037/ 0022‑ 006x. 49.4. 517.

 56. Moss‑Morris R, Petrie KJ. Cognitive distortions of somatic experiences. 
Revision. 1997.

 57. Haddock G, McCarron J, Tarrier N, Faragher EB. Scales to measure dimen‑
sions; 1999.

 58. Beck AT, Ward CH, Mendelson M, Mock J, Erbaugh J. An inventory for 
measuring depression. Arch Gen Psychiatry. 1961;4(6):561–71. https:// doi. 
org/ 10. 1001/ archp syc. 1961. 01710 12003 1004.

 59. Steer RA, Beck AT. Beck anxiety inventory; 1997.
 60. Garety PA, Hemsley DR, Wessely S. Reasoning in deluded schizophrenic 

and paranoid patients. J Nerv Ment Dis. 1991;179(4):194–201.
 61. Vasey MW, Borkovec TD. A catastrophizing assessment of worrisome 

thoughts. Cogn Ther Res. 1992;16(5):505–20.
 62. Weissman AMB, Beck AT. Development and validation of the dysfunc‑

tional attitudes scale. Presented at the annual meeting of the. Ontario: 
American Educational Research Association Toronto; 1978.

 63. Bastiaens T, Claes L, Smits D, De Wachter D, van der Gaag M, De Hert M. 
The cognitive biases questionnaire for psychosis (CBQ‑P) and the Davos 
assessment of cognitive biases (DACOBS): validation in a Flemish sample 
of psychotic patients and healthy controls. Schizophr Res. 2013;147(2‑
3):310–4. https:// doi. org/ 10. 1016/j. schres. 2013. 04. 037.

 64. Erawati E, Keliat BA, Daulima NH. The validation of the Indonesian version 
of; 2014.

 65. Ishikawa R, Ishigaki T, Kikuchi A, Matsumoto K, Kobayashi S, Morishige S, 
et al. Cross‑cultural validation of the cognitive biases questionnaire for 
psychosis in Japan and examination of the relationships between cogni‑
tive biases and schizophrenia symptoms. Cognitive Therapy & Research. 
2016;41(2):313–23. https:// doi. org/ 10. 1007/ s10608‑ 016‑ 9807‑8.

 66. Pozza A, Dettore D. The CBQ‑p: a confirmatory study on factor structure 
and convergent validity with psychotic‑like experiences and cogni‑
tions in adolescents and young adults. Applied Psychology Bulletin. 
2017;280(65):58–69.

 67. First MB, Williams JBW, Karg RS, Spitzer RL. In: Arlington VA, editor. Struc‑
tured clinical interview for DSM‑5—research version (SCID‑5 for DSM‑5, 
Research version; SCID‑5‑RV): American Psychiatric Association; 2015. p. 
1–94.

 68. Vallerand RJ. Towards transcultural validation methodology of psycho‑
logical questionnaires: implications for french research. Can Psychol. 
1989;30:662–89. https:// doi. org/ 10. 1037/ h0079 856.

 69. R Core Team. R: a language and environment for statistical computing: R 
Foundation for Statistical Computing; 2020.

 70. Corbière M, Larivière N. Méthodes qualitatives, quantitatives et mixtes 
dans la recherche en sciences humaines, sociales et de la santé: Presses 
de l’Université du Québec; 2014.

 71. Ronan T, Qi Z, Naegle KM. Avoiding common pitfalls when clustering 
biological data. Sci Signal. 2016;9(432):re6‑re6.

 72. Strehl A, Ghosh J. Cluster ensembles‑‑‑a knowledge reuse framework for 
combining multiple partitions. J Mach Learn Res. 2002;3(Dec):583–617.

 73. Gordon AD. Classification. 2nd ed: Chapman and Hall/CRC; 1999.
 74. Campello RJ, Moulavi D, Sander J. Density‑based clustering based on 

hierarchical density estimates. In Pacific‑Asia conference on knowledge 
discovery and data mining. Berlin, Heidelberg: Springer; 2013. p. 160–72.

https://doi.org/10.1093/schbul/sbm114
https://www.nice.org.uk/media/default/about/what-we-do/into-practice/measuring-uptake/niceimpact-mental-health.pdf
https://www.nice.org.uk/media/default/about/what-we-do/into-practice/measuring-uptake/niceimpact-mental-health.pdf
https://www.nice.org.uk/guidance/cg178
https://www.nice.org.uk/guidance/cg178
https://doi.org/10.1037/h0023653
https://doi.org/10.1016/0191-8869(95)00186-7
https://doi.org/10.1080/13546800600787854
https://doi.org/10.1111/j.2044-8260.1986.tb00704.x
https://doi.org/10.1111/j.2044-8260.1986.tb00704.x
https://doi.org/10.1037/0021-843x.88.6.611
https://doi.org/10.1037/0021-843x.88.6.611
https://doi.org/10.1111/j.2044-8260.1984.tb00631.x
https://doi.org/10.1111/j.2044-8260.1984.tb00631.x
https://doi.org/10.1037/0021-843x.96.3.179
https://doi.org/10.1037/0021-843x.96.3.179
https://doi.org/10.1037/0022-006x.49.4.517
https://doi.org/10.1001/archpsyc.1961.01710120031004
https://doi.org/10.1001/archpsyc.1961.01710120031004
https://doi.org/10.1016/j.schres.2013.04.037
https://doi.org/10.1007/s10608-016-9807-8
https://doi.org/10.1037/h0079856


Page 14 of 14Samson et al. BMC Psychiatry          (2022) 22:560 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 75. Forgy, E. (1965). Cluster analysis of multivariate data: efficiency vs. inter‑
pretability of.

 76. Agresti A. An introduction to categorical data analysis: John Wiley & Sons; 
2018.

 77. Anderson CJ, Rutkowski L. Multinomial logistic regression. Best practices 
in quantitative methods. 2008:390–409.

 78. Esmaeelzadeh S, Moraros J, Thorpe L, Bird Y. The association between 
depression, anxiety and substance use among Canadian post‑secondary 
students. Neuropsychiatr Dis Treat. 2018;14:3241.

 79. Fédération des associations étudiantes du campus de l’Université de 
Montréal (FAÉCUM). (2016). Enquête sur la santé psychologique étudi‑
ante. Retrieved from http:// www. faecum. qc. ca/ resso urces/ docum entat 
ion/ avis‑ memoi res‑ reche rches‑ et‑ posit ions‑1/ enque te‑ sur‑ la‑ sante‑ psych 
ologi que‑ etudi ante.

 80. Brookwell ML, Bentall RP, Varese F. Externalizing biases and hallucinations 
in source‑monitoring, self‑monitoring and signal detection studies: a 
meta‑analytic review. Psychol Med. 2013;43(12):2465–75.

 81. Moritz S, Veckenstedt R, Hottenrott B, Woodward TS, Randjbar S, Lincoln 
TM. Different sides of the same coin? Intercorrelations of cognitive biases 
in schizophrenia. Cognitive Neuropsychiatry. 2010;15(4):406–21. https:// 
doi. org/ 10. 1080/ 13546 80090 33999 93.

 82. Garety PA, Freeman D. Cognitive approaches to delusions: a critical 
review of theories and evidence. Br J Clin Psychol. 1999;38(2):113–54. 
https:// doi. org/ 10. 1348/ 01446 65991 62700.

 83. Garety PA, Kuipers E, Fowler D, Freeman D, Bebbington PE. A cogni‑
tive model of the positive symptoms of psychosis. Psychol Med. 
2001;31(2):189–95. https:// doi. org/ 10. 1017/ S0033 29170 10033 12.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub‑
lished maps and institutional affiliations.

http://www.faecum.qc.ca/ressources/documentation/avis-memoires-recherches-et-positions-1/enquete-sur-la-sante-psychologique-etudiante
http://www.faecum.qc.ca/ressources/documentation/avis-memoires-recherches-et-positions-1/enquete-sur-la-sante-psychologique-etudiante
http://www.faecum.qc.ca/ressources/documentation/avis-memoires-recherches-et-positions-1/enquete-sur-la-sante-psychologique-etudiante
https://doi.org/10.1080/13546800903399993
https://doi.org/10.1080/13546800903399993
https://doi.org/10.1348/014466599162700
https://doi.org/10.1017/S0033291701003312

	Further validation of the Cognitive Biases Questionnaire for psychosis
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Background
	Methods
	Participants
	Measures
	Statistics and procedures

	Results
	Ability to discriminate between diagnostic group and healthy controls
	Confirmatory factor analysis
	Healthy control group
	Clinical groups

	Cognitive biases profiles

	Discussion
	Limitations
	Research and clinical implication

	Conclusion
	Acknowledgements
	References


